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Feature	 Accuracy	%		 5	vs	7	 5	vs	9	 5	vs	12	 7	vs	9	 7	vs	12	 9	vs	12	CV	of	within	burst	ISI	 75.0	 87.5	 91.8	 69.9	 78.1	 57.4	CV	of	IBI	 77.4	 89.5	 93.6	 76.8	 85.5	 64.7	Network	spike	rate	 79.3	 90.3	 95.5	 79.6	 88.0	 68.7	Burst	rate	 79.3	 90.3	 95.3	 81.0	 88.4	 72.8	Burst	duration	 79.7	 90.8	 95.3	 81.0	 88.6	 74.0	%	Spikes	in	bursts	 81.6	 91.3	 95.6	 81.5	 90.4	 76.4	Correlation	 82.2	 92.1	 95.6	 82.3	 90.9	 77.1	Firing	rate	 82.3	 91.7	 95.7	 82.3	 90.9	 80.2	Within	burst	firing	rate	 84.2	 92.7	 96.2	 82.4	 91.3	 81.2	Bursting	electrodes	 83.6	 92.5	 96.2	 82.6	 91.8	 81.5	Network	spike	duration	 83.7	 92.9	 96.8	 82.9	 92.8	 82.0	Network	spike	peak	 82.2	 92.5	 96.8	 82.6	 93.0	 82.1			 	
			
Figure	Legends	Figure	1:	Mean	firing	(A)	and	burst	rates	(B)	increase	with	development.	Box	plots	showing	median	and	interquartle	range	are	shown	for	n=16	plates.	(C)	Burst	duration.	(D)	Fraction	of	bursting	electrodes.	(E)	Within	Burst	Firing	rate(F)	Percentage	of	spikes	in	bursts.	(G)	Coefficient	of	variation	(CV)	of	interburst	interval	(IBI).	(H)	CV	of	within	burst	interspike	interval	(ISI).	(I)	Network	spike	rate.	(J)	Network	spike	duration.	(K)	Network	spike	peak.	(L)	Mean	pairwise	correlation.		
	
Figure	2:	(A)	Well-level	PCA	projection	of	12-dimensional	feature	vectors	onto	PC	dimension	1	(x-axis)	and	2	(y-axis).	Each	dot	represents	a	well,	colored	by	day	in	vitro	(DIV)	of	recording.	Rough	ordering	from	youngest	(red,	DIV	5)	to	oldest	(purple,	DIV	12)	wells	is	apparent	in	change	of	colors	along	the	positive	direction.	(B)	Scree	plot	displays	%	variance	explained	by	the	number	of	PC	dimensions.	(C)	Plate-level	PCA	projection	of	plate	medians	onto	PC	dimension	1	(x-axis)	and	2	(y-axis).	As	in	top,	rough	ordering	of	observations	by	DIV	is	apparent	in	the	red	to	purple	transition	along	the	x-axis.	(D)	Scree	plot	of	plate-level	PCA.	Compared	to	the	well-level	PCA	scree	plot,	a	larger	amount	of	variation	is	captured	in	the	first	two	PC	dimensions	indicating	that	taking	the	plate	median	reduces	variability.		
	Figure	3:	Accuracy	of	predicting	the	age	of	each	well	by	sampling	n	≤	48	wells	on	each	plate.	
	Dark	blue	line	shows	the	mean	accuracy,	while	the	vertical	lines	show	the	minimum	and	maximum	accuracy	over	100	trials	with	random	choices	of	wells.	For	n	=	48,	the	error	bars	indicate	the	small	variability	in	classification	due	to	the	partitioning	of	data	into	train/test	sets.	The	red	dotted	line	indicates	baseline	level	of	performance	(25%)	for	a	classifier			
